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Aesthetic Properties

Aesthetic properties are less quantifiable, subjective properties and hence harder to be modelled.

Aesthetic vs Physical Properties 
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https://github.com/V-Sense/A-Geometry-Sensitive-Approach-for-Photographic-Style-Classification.git

Objective
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RAPID 1 Column [1]

State of the art : Train a CNN on a photographic dataset.

Traditional Approach

Local Local + Global Local + Global + Randomness
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A standard CNN Parameter sharing

‘translation invariant’,
‘appearance cognizant

Image courtesy : https://www.saagie.com/blog/  

Standard Convolutional Filters
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● Diverse Aspect Ratio
● Position of the main subject is crucial for 

framing

Image courtesy : Flickr  

Problems
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Saliency Maps Network

Sal-RGB = Saliency Maps 
[Cornia et al.] + 
RGB-based features.

‘location cognizant’,
‘appearance invariant’

Marcella Cornia, Lorenzo Baraldi, Giuseppe Serra, and Rita Cucchiara. 2016. Predicting human eye fixations via an LSTM-based saliency attentive model. arXiv preprint 
arXiv:1611.09571 (2016)

Approach



Trinity College Dublin, The University of Dublin

Datasets

AVA Style
● 14 categories
● ~14000 Images
● Multi-labelled test data
● Highly imbalanced training 

data 

Image courtesy : AVA Style dataset
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Flickr Style
● 20 categories
● ~80000 images
● Complex 

Classes

Image courtesy : Flickr Style dataset
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Results : Mean Average Precision (MAP)
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Results : Per Class Precision on AVA

Rule of Thirds perform significantly better 
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Results : Per Class Precision on Flickr
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Results : Common Confusions Flickr Confusion Matrix
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Long Exposure Motion Blur

Shallow DOF Macro

Shallow DOF Bokeh

Geometric 
Composition

Minimal

Horror Noir

Pastel Vintage

Results : Common Confusions
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Limitations 

● Limited to a small number of attributes
● Geometric understanding is still quite low
● Attributes are overlapping which results in a high false positive rate.

Future Work 

● Increase the number of style attributes 
● Extend the system to videos and 360 images

Code and Data
https://github.com/V-Sense/A-Geometry-Sensitive-Approach-for-Photographic-Style-Classification.git

Contact
ghosalk@tcd.ie
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